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CENTRAL QUESTION

GCN on Graph Structured Data:

Hℓ+1 = σ
(
ĀHℓΘℓ

)
; H0 = X

Current Efficient GCN Training

Our proposal: a novel distributed train-
ing framework for large-scale GCNs.

METHODOLOGY

• Disjointly partition model parameters into several sub-GCNs
• Train sub-GCNs independently in parallel
• Aggregate parameters into global model after several training iterations

GIST Partitioning
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(a) 3-layer GIST 
w/ input partition
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(b) 3-layer GIST 
w/o input partition
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DESIGN ABLATION

Selective Partitioning of Hidden Layers

Robustness to Local Iterations

Combining GIST with LADIES

ULTRA WIDE GCN: GRAPHSAGE+AMAZON2M

LARGE SCALE EXPERIMENTS


